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1 Maddala, G.S., Op. Cit. p. 258
2 Durbin, J. and Watson, G.S., **Testing for Serial Correlation in Least Square Regression III** (Biometrica, 1971, 58,

1), p. 17-18 (Appendix 3)
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'H%ﬂ E(d) = M (a"m Durbin J. and Watson, G.S., ““Testing for Serial Correlation in Least Square
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Regression |, Biometrica, 1950, 37, P.409-428
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2 Maddala, G.S., Op. Cit., p.286
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7.5.2 1 Berenblut - Webb test

LWATHYRA Uil (Berenblut, 1, J, and Webb, G.1., 1973)" iausldlidang
. o v ¥ P . A . A
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Taeh [ 1402 - 0 0 0 0 0
o~ 1402 -p 0 0 0 0
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A vl @ o o I P ) -~ a_& o, ~
nsdininafunsdianizveste n. laoRuaunud p 9an 1 wuasndv Q) Iz
nanelduuuesng B @9t

1 .
Berenblut, 1.J. and Webb, G.I, “*A New Test for Autocorrelated Errors in the Linear Regression Model’’ (Journal of

Royal Statistical Society, B, 35, 1973), p.33-50
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! Ibid., p.38

2 Ihid., p.45
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2 Park, Soo-Bin, ‘*On the Small-Sample Power of Durbin’s h-Test”’, (Jour. of Amer. Stat. Assoe., 70, 1975), p. 60-73
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1 Durbin, J. *“Testing for Serial Correlation in Least Square Regression when Some of the Regressors are Lagged Dependent

Variables”, (Econometrica, 38, May, 1970) p. 410-21 #2833 unasdutszsumen p don 1-id

({0 d A0 DW - Statistics
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. ‘l.lg]l,ﬁﬁ Hy: p = 0 Vs H :p< 0 T CAUUIRNALY 5% LD d;,> 4—dh L
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1 Wallis, K. F., “Testing For Fourth - Order Autocorrelation in Quarterly Regression Equation”, (Econometrica, 40,

1972), P.617-636
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. .
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